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Research and Implementation of Clustering Analysis
Algorithm Based on Road Network Topology

HUANG Min' LI Erda' ,YUAN Yuan® ,ZHENG Jian'
(1. School of Enginnering // Guangdong Provincial Key Laboratory of Intelligent Transportation System ,
Sun Yat-sen University, Guangzhou 510006, China;
2. Transportation Complex Systems Theory and Technology, Beijing Jiaotong
University , Beijing 100044 , China)

Abstract; Clustering analysis is a statistical analysis method, which aims to classify the data from their
similarities. Based on road network topology, a new algorithm had been put forward to achieve the clus-
tering analysis for points of interest (POI) in transportation field. The algorithm is that POI taken from
point sets would be extend to the adjacent node and has a breadth of search along the direction of the net-
work topology with limiting conditions of aggregating degree («) and extending degree (8) . POI those
meet the conditions would be clustered together. At last, this algorithm is applied in the Guangzhou Pearl
River Metro network to analysis pedestrian accessibility.
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Fig. 1 The Euclidean distance between objects
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Fig. 2 The network distance between objects
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Fig. 3 The relationship between POI and network
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Fig. 4  Algorithm flow chat
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Fig. 5 Algorithm flow chat of extending to the adjacent node
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